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Study on P2P Platform Loan Decision-Replace
Default Probability Score with Earnings Score
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Abstract: The traditional credit scoring system estimates the loan default probability and considers the de-

fault probability as the main reference for lending. Unlike previous studies that usually try to determine

the probability of default, this article focuses on predicting the expected rate of return on investing in P2P

loans and attempts to use this as the lender’s chosen criterion. Overall, this study examined 213,731 P2P

loan records and used the CHAID model to analyze and determine the factors that affect the profitability of

the loan and achieved a forecast of the profitability of the loan. The result of CHAID model shows that by

using the CHAID-IRR scoring system to screen borrowers, the income obtained by the investor is better

than that obtained by using the traditional credit score.
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